Multiscale transformations are being used in recent times in the first step of transform coding algorithms for image compression. A multiresolution-based compression scheme can be schematically described as follows: Assume thatf L represents a sequence of data sampled at a given resolution. Then we obtain Mf L = (f 0 , d 1 , . . . , d L ), its multiresolution representation, which is composed byf 0 , which corresponds to a sampling of the data at a much coarser resolution, and a sequence of details, each d k representing the intermediate information which is necessary to recoverf k , the data sampled at level k,
It is assumed that Mf L is a much more efficient representation of the image data, which is then processed using a (non-
) and passed on to the encoder. The latter produces the final compressed set of data which is ready to be transmitted or stored. Compression is indeed achieved during the second and third steps: the quantization and the encoding of the transformed set of discrete data.
The user-dependent strategy used to obtain M f L is usually designed so that Mf L and M f L are close, in the sense that for some prescribed discrete norm || · ||, ||d k − d k || ≤ ε 1 ≤ k ≤ L and ||f 0 −f 0 || ≤ ε, as is the case in, for example, quantization or simple thresholding. Decoding the compressed representation requires the application of M −1 , the inverse multiresolution transformation, to the modified data M f L . This step leads tof L = M −1 M f L , a set of data which is expected to be close to the original discrete setf L . In order for this to be true some form of stability is needed, i.e., we must require that
In [2] , we consider a class of multiresolution transformations that ensure
The aim of this paper is to show some of the advantages of this family of transformations when used as lossless and near-lossless image compression technique ( [1, 3] . In particular we will apply them in the compression of certain medical images.
